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Artificial intelligence is increasingly embedded in organizational 
decision-making, reshaping how managers exercise discretion 
and responsibility. This doctoral research examines how AI-
enabled decision systems affect human agency in data-driven 
organizations. It focuses on how technological design features, 
including transparency and override flexibility, interact with 
governance structures such as accountability and incentive 
systems. Using a sequential multi-phase design combining 
experiments and qualitative fieldwork, the study investigates both 
perceived and enacted managerial agency. The intended 
contribution is an Information Systems framework explaining 
when AI supports human augmentation and when it produces 
functional substitution. The research aims to inform the design 
of responsible sociotechnical systems that preserve meaningful 
human involvement while retaining the efficiency benefits of AI-
enabled decision support. 
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1 Introduction 
 
Artificial intelligence is increasingly embedded in organizational decision systems 
across hiring, performance evaluation, financial risk assessment, forecasting, and 
resource allocation (Faraj et al., 2018; Kellogg et al., 2020). Organizations adopt AI-
enabled systems to improve efficiency, scalability, and predictive accuracy. However, 
these systems do more than support decisions. They shape how decisions are 
structured, justified, and governed (Shrestha et al., 2019; Raisch & Krakowski, 2021). 
 
Information Systems research has examined algorithmic transparency, explainability, 
trust calibration, bias mitigation, and human-AI collaboration (Glikson & Woolley, 
2020; Burton et al., 2020; Jarrahi, 2018). While these perspectives are valuable, much 
existing work treats AI mainly as an input into decision-making rather than as a 
structural component of decision systems. When AI systems generate 
recommendations, rankings, or classifications, they introduce new forms of 
epistemic authority that may alter how managerial discretion is exercised (Berente et 
al., 2021). 
 
Recent AI governance developments intensify this issue. The European Union 
Artificial Intelligence Act establishes risk-based requirements for transparency, 
accountability, and human oversight in high-impact AI systems (European Union, 
2024; Cancela-Outeda, 2024). Organizational responsible AI frameworks similarly 
emphasize documentation, auditability, and structured oversight (Papagiannidis et 
al., 2025). These governance arrangements do not simply constrain AI use. They 
shape how decision systems are designed and how authority is distributed between 
humans and algorithms. 
 
This doctoral research asks how AI-enabled decision systems reshape human agency 
in organizational contexts. Human agency is understood as the capacity to exercise 
meaningful discretion, interpret information, and assume responsibility for 
outcomes. The project examines when AI functions as augmentation, preserving 
interpretive authority, and when it becomes functional substitution, where human 
actors formally approve algorithmic outputs while exercising limited substantive 
discretion. 
  



B. Albabtain: Strategic Adoption of AI-Enabled Decision-Making Systems: Designing for Human 
Agency in Data-Driven Organizations 1079 

 

 

2 Problem Definition 
 
Much of the current literature focuses on AI adoption, trust, fairness, or 
performance outcomes. Less attention has been given to how AI integration 
reshapes managerial discretion itself. This gap matters because managers may remain 
formally accountable for decisions even when algorithmic outputs strongly shape 
what choices appear legitimate, rational, or defensible. 
 
Human-in-the-loop arrangements are often treated as sufficient to preserve agency. 
However, the mere presence of a human actor in a workflow does not guarantee 
meaningful discretion. Override mechanisms may exist but be procedurally 
burdensome. Performance metrics may reward adherence to algorithmic outputs. 
Accountability structures may diffuse responsibility and discourage deviation. In 
these situations, substitution can emerge indirectly through system design and 
governance architecture rather than explicit automation. 
 
This research therefore conceptualizes AI integration along an augmentation-
substitution continuum (Raisch & Krakowski, 2021). Augmentation refers to 
configurations in which AI expands informational capacity while preserving 
meaningful human interpretation and override authority. Substitution refers to 
configurations in which AI effectively determines outcomes, with humans serving 
primarily as validators of system outputs. 
 
The central research question is: How do AI-enabled decision systems reshape 
human agency in organizational contexts, and under what conditions do they 
function as augmentation rather than substitution? 
 
The study is guided by three sub-questions. First, how do design features such as 
algorithmic transparency and override flexibility influence perceived and enacted 
managerial agency? Second, how do accountability structures and incentive systems 
shape the legitimacy and frequency of deviation from AI recommendations? Third, 
how do managers interpret and enact discretion in AI-supported strategic decisions? 
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3 Methodology 
 
This doctoral research adopts a sequential multi-phase design. The phased approach 
allows the study to move from controlled mechanism testing to contextualized 
organizational understanding and finally to integrative theory development. The 
design consists of three phases: an experiment on perceived agency, qualitative 
fieldwork on enacted agency, and integrative model development. 
 
Phase 1 uses experimental methods to identify causal mechanisms linking AI system 
design features to perceived managerial agency. Participants will assume managerial 
roles in simulated decision environments and evaluate cases in which AI systems 
provide recommendations. The experiment will manipulate algorithmic 
transparency, strength of recommendation, override flexibility, and accountability 
framing. Dependent variables will include perceived control, responsibility 
attribution, confidence in decision quality, and likelihood of override. 
 
The purpose of Phase 1 is to strengthen internal validity by isolating how specific 
design features influence agency-related outcomes. For example, transparency may 
increase perceived control by making algorithmic outputs more interpretable, while 
high-friction override procedures may reduce willingness to deviate even when 
participants disagree with the recommendation. 
 
Phase 2 uses qualitative case studies to examine enacted agency in organizations 
implementing AI-enabled decision systems. Data collection will include semi-
structured interviews with managers, analysts, and governance officers. Where 
possible, it will also include policy documents, workflow diagrams, audit procedures, 
and decision logs. The qualitative phase will examine how managers interpret 
algorithmic outputs, when they override or follow recommendations, and how 
organizational norms shape the legitimacy of deviation. 
 
Phase 3 integrates findings from the experimental and qualitative phases into a 
conceptual framework. This framework will link technological design features and 
institutional governance structures to perceived and enacted agency outcomes. The 
sequential logic is important: the experiment provides mechanism-level clarity, while 
fieldwork examines how those mechanisms operate within real organizational 
settings. 
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The design explicitly addresses validity. Internal validity is supported through 
controlled manipulation in Phase 1. Construct validity is strengthened by 
distinguishing perceived agency from enacted agency. External validity is supported 
through field-based evidence from organizational contexts. Triangulation across 
experimental and qualitative data also reduces reliance on a single source of evidence. 
 
4 Preliminary and Expected Results 
 
Although data collection is not yet complete, the research anticipates several 
patterns. First, algorithmic transparency is expected to increase perceived agency by 
enabling managers to interpret recommendations rather than merely receive them 
(Bansal et al., 2021). However, transparency alone may not ensure enacted discretion 
if organizational norms discourage deviation from algorithmic outputs. 
 
Second, override flexibility is expected to shape enacted agency. When deviation 
from AI recommendations is easy, legitimate, and low-friction, managers may be 
more willing to integrate contextual judgment. When override requires extensive 
documentation, approval, or exposes managers to scrutiny, they may default to 
algorithmic recommendations despite reservations. This suggests that substitution 
may arise from procedural design rather than direct automation. 
 
Third, accountability structures are expected to moderate the relationship between 
AI design and agency. If managers remain clearly responsible for outcomes, they 
may engage more actively with AI outputs. If responsibility is diffused or attributed 
to algorithmic objectivity, managers may defer to system recommendations. This 
implies that responsible AI governance requires more than formal oversight; it 
requires governance structures that preserve legitimate discretion. 
 
The expected theoretical contribution is a refined understanding of the 
augmentation-substitution continuum. Rather than treating augmentation or 
substitution as inherent properties of AI, the research argues that they are 
sociotechnically constructed through interactions between design, governance, and 
managerial practice. The distinction between perceived and enacted agency is also 
expected to be important, since managers may feel included in decision loops while 
still having limited practical discretion. 
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Practically, the research is expected to inform the design of AI-enabled decision 
systems that preserve meaningful human involvement. Potential implications 
include explanation interfaces that support interpretation, low-friction override 
pathways, explicit accountability mapping, and performance metrics that recognize 
contextual judgment rather than rigid adherence to algorithmic outputs. 
 
5 Future Development 
 
The next stage of this doctoral research is to finalize the experimental design and 
conduct pilot testing. Pilot work will refine the transparency manipulation, calibrate 
override conditions, and strengthen the measurement of perceived control and 
responsibility attribution. The main experiment will then form the basis of the first 
dissertation paper. 
 
Following the experimental phase, the project will move toward organizational 
fieldwork. The field phase will require access to organizations using AI-enabled 
decision systems in areas such as hiring, performance evaluation, financial 
forecasting, or resource allocation. Theoretical sampling will be used to capture 
variation in governance structures and override protocols. 
 
In the medium term, findings from the experimental and field phases will be 
integrated into a framework linking AI design, governance, perceived agency, and 
enacted discretion. This integrative work is intended to form a third dissertation 
paper and to support journal submissions in Information Systems and digital 
innovation outlets. Over the longer term, the research may be extended to compare 
regulatory or industry contexts and to develop prescriptive design guidance for 
responsible AI implementation. 
 
Overall, the research trajectory moves from mechanism identification to contextual 
explanation and then to integrative theory building. This progression is designed to 
ensure both conceptual rigor and practical relevance within the doctoral timeframe. 
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6 Conclusion 
 
This doctoral project contributes to Information Systems research by clarifying how 
technological design and institutional governance jointly shape human agency in AI-
enabled decision systems. By combining experimental and field-based approaches, 
it aims to move beyond generic calls for human-in-the-loop systems toward a 
structured understanding of meaningful human involvement. The central argument 
is that AI does not automatically augment or substitute human judgment. Instead, 
these outcomes depend on how systems are designed, governed, and enacted in 
organizational practice. 
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